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Enhanced YOLO network for status recognition of a substation protection plate

SHI Baohuat, JING Renyue!, YANG Chao!, LI Zhenxing?!, LI Yanzhang?
(1. College of Electrical Engineering and New Energy, China Three Gorges University, Yichang 443000, China;
2. State Grid Wuhan Power Supply Company, Wuhan 430000, China)

Abstract: There are problems caused by the complicated recognition environment of a substation protection plate, the
difficult segmentation of foreground and background, and the difficulty in detection of small targets. This paper proposes
an enhanced YOLO algorithm for the state recognition of a substation protection plate. First, a local residual aggregation
module is proposed to aggregate the local residual features of the stacked residual modules to strengthen the recognition
ability in complex environments. Then, a spatial attention mechanism is embedded in the residual block and the spatial
information is used to solve the problem that the foreground and background are difficult to segment. Finally, a
cross-form space pyramid module is proposed to extract global context information. The labeled data set is used for
verification. The experimental results show that the enhanced YOLO algorithm has significantly improved the status
recognition effect of the protective plate compared with an improved algorithm.
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Table 1 EYOLO network ablation experiment results
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