$47% 8519 W) €0 ERBY D EAH Vol.47 No.19
2019 %10 A 1 H Power System Protection and Control Oct. 1,2019

DOI: 10.19783/j.cnki.pspc.181282

T 05 0L BT IR 4% ) R S 20 4 9 3010 WA SR IR

R, KA, BB, FRL

(1. B R T dy 2 o @) ARS8, #Tef #69H0 450007; 2. 2RI F b3 K R 4 A A FRAF)
AT FRM 450007 3. SF %R B AHA RG], T Fg 461000

WE: LB HUS PRSI NI RE, IF e A B RES W55, TPk T XHLERE I RSt Bt HT
PR BRI T RSN ARIRL, RO T TN RS RS A, AR REIS WP O TR . SR)A, RIS
VU 28 BEie, 00T 1 DU (1 A Ao JFAERIRA BTG, Bt 1) SOUAR IR I e 12
SCTTE . fea, $EEE T LA SCEARIE R G2 W7 2 0 R K R RE IR R S SIS . RGEILIAIEAT Ti81T
R, S REERNW], RN IR Sk AP R AN T2 W8 R 1T . R CAE RIS PIE i) TREN T -

KR VIS, IRSNENS; XK HNL RREIZ T

Research on automatic diagnosis strategy of wind turbine gearbox based on
improved Bayesian network
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Abstract: In order to obtain the functions of monitoring wind turbine’s working state and the task of intelligent diagnosis
of these state data, an intelligent monitoring system for wind turbines is developed. Firstly, based on the vibration theory,
the dynamic model of gearbox is established, and the data characteristics in condition of various fault types are analyzed,
which provides identification basis for intelligent diagnosis. Then, the full probability formula of Bayesian network is
analyzed by using Bayesian network theory, and on this basis, the research is carried out and an intelligent diagnosis way
is proposed which consists of simplifying generalized inverse matrix. Finally, the intelligent monitoring system based on
generalized inverse matrix is constructed. The system is tested on the spot. The results show that the output of the
intelligent monitoring system is consistent with the results of artificial diagnosis. The system has been preliminarily
applied successfully in the wind field.
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Fig. 1 Equivalent mechanical model of gear meshing
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Fig. 2 Bayesian network structure diagram
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