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Short-term power load forecasting on partial least square support vector machine
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Abstract: Partial least square (PLS) can decrease the correlation among the power load information. The least square support vector
machine (LS-SVM)can get the global optional forecasting result of the power load and decrease the computation burden. Principles of
the PLS, LS-SVM and PLS-LS-SVM are introduced. PLS-LS-SVM is used to establish short-term daily power load prediction
forecast model and then the model is applied to the daily power load forecast in a certain area in 2008. Mean relative forecasting error
and maximal relative forecasting error are 0.685 percent and 8.8599 percent respectively. Compared with the AR(1) model, excellent
forecasting accuracy of the PLS-LS-SVM model can supply the short-term power load forecasting an effective way.
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