Vol.38 No.16
Aug. 16,2010

$38% H16
2010 4E 8 H 16 I

N EREY D EH

Power System Protection and Control

IERIRIER S & T M2 W 4B % BR Sa far Fu i

Z oM, AT, ARE, WK, 8 K’

(1 AT AR T B By, i M 3243005 2. R ARFERATEFR, Tk F#4 132012;
LEME BRI S, AR FAR 132012)

HE. B —HATa)AREYAFTANGETFAERNL Tk, TFWE RN EAZRAE A4 L —FRARR *T i F 8t Tm, )
PP P 24, A LR B YA AERL S TR 69 0 SR £ AT i 495N R m B £ AT AT AR, S B AMER TS BT AR
KR A AT B AR 69 5T A3 AT AT IR A A AR, B S R AR 40 A FORARAA . 38 i I A AT AR BL 69 TN 45 Rt AT
FeB R AT B A TN R, BHEI, ZH R R TN E, A T4,

KB AATUN; ETAPZEML; D-SEEEL

Short-term load forecasting based on quantum neural network by evidential theory
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Abstract: A quantum neural networks (QNN) method for short-term load forecasting of power system is proposed. The models from
QNN forecast the short-term load as single model. The artificial neural networks (ANN) and non-linear regression forecast are selected
to evaluate the credit of forecasting results of the above models, with historical forecasting errors and environmental influence. The

credit is combined to calculate the weights with Dempster-Shafer(D-S) evidential theory. The final forecasting is obtained by the

weighted forecasting. The real experiment shows the accuracy of the method based on D-S evidential theory is improved.
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Fig.1 Combined forecasting system structure
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Fig.2 Quantum neural network model
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Fig.3 Comparison of precision curves of different QNN
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