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Medium and long-term load forecast based on PSO-RSVR
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Abstract: Support Vector Machine (SVM) has been successfully applied to solve non-linear regression and time series problem,
and has already been used for the medium and long-term load forecasting. This paper brings forward a new load forecasting method
based on Robust Support Vector Regression (RSVR). It gives the use of particle swarm optimization for the robust support vector
machines coefficient optimization and constructs the forecasting model.A case is presented to verify the method possessing high

precision, small amount of computation and so on.
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Tab.1 1996-2007 economic and load data in a region

GDPHZ | XA | Bk | Bk | = | AR | 24HdE

wh T AN | ™=EMLT | EMLx | PEALT | BAW-h B/FWh

1996 | 44.62 68.57 5.75 24.85 10.01 3964.99 271 880

1997 | 47.58 68.84 6.19 26.51 11.80 443831 305 533

1998 | 49.95 69.17 6.56 28.46 12.85 5156.17 356 680

1999 | 52.04 69.36 6.42 30.55 14.38 5750.81 398 876

2000 | 54.68 69.51 6.70 33.54 15.60 6269.16 435 769

2001 | 5530 69.66 6.90 32.00 16.40 6364.31 443338

2002 | 58.00 70.04 6.80 31.50 19.70 6357.95 445311

2003 | 69.00 72.78 7.00 40.00 22.00 7486.11 544 839

2004 | 89.80 72.62 8.10 56.80 24.90 12 045.43 874 739

2005 | 109.53 73.23 8.68 68.87 31.98 11 655.81 853 555

2006 | 129.49 73.01 931 84.60 35.58 14 349.55 1047 661

2007 | 162.97 73.04 11.39 110.56 41.02 16 934.14 1236139

#2 SHEAXNHEFHEENSER—EX 86 ATERN
Tab.2 Fitting capacity in the history of every model
ol EhrE PSO-RSVR SVR —Wxe | RESHFE | B8 | STy
2004 874 739 885 498 837912 828 028 885 673 898 794 834 676
2005 853 555 847 153 834264 885 563 845 190 818 879 899 817
2006 1047 661 1056776 1069976 | 1003240 1058347 1101 091 1079 300
2007 1236139 | 1228351 1196088 | 1194728 1225 384 1263 457 1263 458
SERHRRE - 0.008 7 0.0295 0.041 7 0.0103 0.0353 0.047 8
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Fig.2 Forecasting curve comparison chart
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