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Fault diagnosis of power net based on BPN
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Abstract: Focused that fault information lost or distorted lead to get inaccurate conclusion when power net is in fault, and Bayesian
theory is not able to resolve the problem of large scale modeling though solving incomplete data effectively, the paper defines
Bayesian Petri Net (BPN). And then it proposes a fault diagnosis algorithm of power net based on BPN. The result of verification of
the algorithm through some power net proves that the algorithm is able to locate the fault area and identify fault unit accurately and

quickly. As the same time, the algorithm enhances fault tolerance capability of fault diagnosis.
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Fig.1 The example of and-transition
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Fig.2 The example of or-transition
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Fig.3 The example of power net
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Tab.1 The diagnosis result of power net
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