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Summarization of modeling and prediction of wind power generation
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Abstract: As more and more wind power is integrated into power grids, it is very important to predict the wind power generation in
order to make a reasonable generation scheme and ensure stability of the power system. This paper summarizes some prediction
methods of wind power generation according to two classified criterions, i.e. method of modeling and object of model,then

generalizes its actuality, and finally advances some improvements for the future.
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Fig.1 Prediction methods of wind power generation
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