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AGC control strategy based on CPS standard n Henan Power Grid

HU Yang-yu, L IDapeng, WANG Zi-qi, ZHANG Jian-li
(Henan Electric Power Digatching and Cammunication Center, Zhengzhou 450052, China)
Abstract: Under the control perfomance standard (CPS) and current level of AGC in Henan Power Grid, thispaper corrects and ex-
tends the AGC oontrol strategy based on A1/A2 standard 1o satisfy the CPS detailed rules that is being used in Huazhong Power Grid

The strategy includes dynamic A GC control strategy based on pre-day plan, themal-hydro proportion in taking on ACE and aligrment

strategy of themal pover AGC  The three strategies mprove the AGC adjusting perfomance and frequency quality in Henan Power
Grid

Key words AGC; super short time load forecasting  themal-hydro coordination
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Chaotic load =ries local forecasting based on RBFNN

A IMing-shun', MA Hong-guand', L U Zun-xiond"*
(1 The Second A rtillery Engineering Institute, Xi'an 710025, Ching
2 School of Electronics and Infomation Engineering, Xian Jisotong University, Xi'an 710049, Ching;
3 School of Infomation Engineering, East China Jiaotong University, Nanchang 330013, China)
Abstract:  Short-tem load series possess the chaotic characteristic, and can be forecasted with chaotic series local model Themap-
ping betveen prediction phase point and future counterpart point is not abslute linear, but the canmon linear regression models can
only approximate linear mapping The paoer puts forvard a novel model based on Radial-Basis-Function Neural Netvork (RBANN) ,
which has higher perfomance on goproximating the real mgpping, and both Euclidian distance and correlative coefficients goproaches

are enployed b slect the neighbourhood phase points, which are more close t the prediction point The expermentwith load series

with 24 pointsone day from Northwest Powver Grid demonstrates that the novel model achieves better predication precision than the line-
ar model

Key words  gsort-tem load forecasting  chaotic tme sries RBMNN; local model



