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Fig 1 GSA algoritm module composition
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Fig 2 GSA algorittm program flow
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Tah 1 Vague ISODATA algoritm checking result
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Tah 2 Gap (k) andn (k) value in GRA algorithm
k=1 k=2 k=3
Gap(k) -24870 7. 419 2 6 7945
n (k) 0 004 9 00210 01148
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Tah 3 Clustering result of GSA algoritm
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Fig 3 Power systan topology [1]
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Fig 4 GSA algorithm test effect
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The identification algor ithm of bad data n power systan basd on GSA

YANGW ei, HU Jun, WU Jun-ji
(School of Powver Engineering, N anjing University of Science and Technology, Nanjing 210094, China)

Abstract: W ith thewide gpplication of numeric technology in power systen and increasingly higher requirementsof the powver systam
operation reliability, the recognition of the bad data seemsmore and more important The state estimating algoritrm (bewidely used at
present) has disadvantage of residual pollution Thispaper researches the GSA bad data algorithm based on neural netvork and cluste-
ring analysis The algorithm accomplishes the pretreament of surveying data via the neural netvork, and then judges the result of clus
tering analysis © as to finish the recognition of the bad data The paper enploysM atlab and C L anguage o smulate the GSA algoritm
and compares the GA algorithm with the state estimating algoritm via a concrete network, which shows that GSA algorithm can effec-
tively remove residual pollution $ as o accanplish the recognition of the bad data
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Relation ship between air conditioner load and tan perature and its nfluences on voltage stability
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(1 Hohai University, Nanjing 210098, Chingz 2 Henan Power Campany, Zhengzhou 450052, Ching;
3 Nanjing Automation Factory, Nanjing 210003, China)

Abstract:  Air conditioner load is increasing and should be paid more attention A model is set up for predicting the air conditioner
load varyingwith the temperature in Henan Power Gird The influence of air conditioner load, egecially the re-staring process, on
pover systan wltage stability is studied The results show that air conditioner load is bad t power systan wltage stability
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