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MAPE (Mean Ablute Per-
centage Error) RMSE(Root Mean Squared
Error) :

24
1
MAPE = 57 x Zl',

t. - O
ti

x 100

24
_ - 0>
RMSE = }g Z( )7 X100

) ANN

Tab.1 Load forecaging results based on
cascaded network model

RMSE MAPE

1 (%) / (%) 1 (%)

97.2.18 1.201 3.064 2.572

97.2.19 -1.830 2.481 2.101

97.2.20 - 2.004 3.2%4 1.927

97.2.21 1.922 3.649 2.806
ANN

Tab.2 Load forecading results based

on ANN nmodd
RMSE MAPE
/ (%) 1 (%) ! (%)
97.2.18 1.412 3.443 2.703
97.2.19 - 1.679 2.509 2.081
97.2.20 - 2.897 3.505 2.141
97.2.21 2.143 3.730 2.985
6000
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E 3000 -
S 2000
1000
0g 1 8 12 16 20 24
T/h
7 2.19

Fg.7 Forecaded load curve on Feb. 19th
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Research on cascaded networ k modd for short-term load forecasting in power sysem

L1 Yongjian, HU Heyu
(Hunan Ingitute of Engineering, Xiangtan 411101, Ching

Abdract : This paper proposes a cascaded network nodd based on BP subnetwork and WNN (wavelet neurd network) for short-term load
forecaging. The irfluence of uncertaint factors such as climate is mgpped through BP sub network based on the andyssd the relationship be
tween the dlimatic factor and load data. Snce WNN combi nes the timefrequency localization characterigtic of wavelet and its sif-learning ahil-
ity , theirfluence of higorica data is mgpped through WNN , which helps to overcome the defectsaf ANN such asthe difficulty of rationdly de
termining the network gructure and the exigence of partid optimd points. Fndly, the two subnetworks are combined to form the cascaded
forecaging network. The resuits of the experimenta research show that this method is superior.

Key words: short-term load forecaging; wavelet neurd network(WNN) ;  cascaded network
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